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Abstract Metabolomics is the analysis of the concentration
profiles of low molecular weight compounds present in bio-
logical fluids. Metabolites are nonpeptide molecules
representing the end products of cellular activity. Therefore,
changes in metabolite concentrations reveal the range of bio-
chemical effects induced by a disease or its therapeutic inter-
vention. Metabolomics has recently become feasible with the
accessibility of new technologies, including mass spectrome-
try and high-resolution proton nuclear magnetic resonance,
and has already been applied to several disorders. Indeed, it
has the advantage of being a nontargeted approach for identi-
fying potential biomarkers, which means that it does not
require a preliminary knowledge of the substances to be
studied. In this review, we summarize the main studies in
which metabolomic approach was used in some allergic

(asthma, atopic dermatitis) and rheumatic diseases (rheuma-
toid arthritis, systemic lupus erythematosus) to explore the
feasibility of this technique as a novel diagnostic tool in these
complex disorders.
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Introduction

Systems medicine is an emerging approach in medicine in the
post-genomic era. This is the translation in medicine of the
systems biology approach, which overtakes the reductionism
and applies methodologies and models developed in different
fields of science. Through systems medicine, emerging prop-
erties due to the interactions between different elements of the
systems may be discovered, and the states of health and
disease and their evolution may be fruitfully described. This
discipline and the digital revolution are transforming
healthcare to a proactive P4 medicine that is predictive, pre-
ventive, personalized, and participatory [1]. Indeed, this vision
sees the genetic, molecular, cellular, organ, and individual
networks integrated to constitute a network of networks. To
effectively reach the P4 objectives, the metabolomic approach
is crucial, allowing for the detection of the landscape of the
pathology characterizing the state of a single patient [2]. The
landscape concept is used in different fields to describe system
states and trajectories in multidimensional space and to study
their dynamical evolution. As in the natural landscape, we can
describe position of two valleys and the way to connect them
by overcoming peaks; at the same manner, it is possible to
describe the folding of a protein in a three-dimensional space
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spanned by the coordinates (x, y, z) of atoms. Using the same
metaphor, the state of a patient can be described in a multidi-
mensional space spanned by coordinates derived by multivar-
iate statistical analysis of metabolite levels, also including the
pathways induced by treatments [2, 3]. Metabolomics is the
analysis of the concentration profiles of low molecular weight
compounds present in biological samples. Changes in levels
of metabolic intermediates of a sequential series of reactions
are often more pronounced than the changes in enzymatic
kinetics or individual fluxes. For this reason, metabolomics
is considered a sensitive tool for studying genotype-
phenotype correlations, as well as the pharmacological and
toxicological effects of drugs [4–7]. The landscape obtained is
defined by multivariate analysis of spectroscopic data: pa-
tients in similar conditions are neighbors, and their move-
ments on the surface/landscape mirror the response to treat-
ment, which can be evaluated in different times in several
biological fluids. Mass spectrometry (MS) and high-
resolution proton nuclear magnetic resonance (1H NMR) are
the two main techniques used in this field, which can be used
to acquire the primary experimental information of biological
systems. The two methodologies are complementary and not
interchangeable: although less sensitive (micromolar range)
compared to MS, NMR is not destructive with regard to the
specimen, and therefore, the same sample may be analyzed
in vivo more than once. On the other hand, MS has a much
lower detection limit, but at the cost of a more targeted
analysis; it also requires a pretreatment of the sample, which
has to be separated in the different components by chromato-
graphic techniques. These include liquid chromatography
(LC) and gas chromatography (GC), which need (especially
in the case of GC) chemical derivation. For these reasons, MS
approaches tend to be less reproducible, more platform-
dependent, and susceptible to variability. Conversely, NMR
and MS NMR have the advantage of being reproducible, and
the sample may be evaluated without any pretreatment [8, 9].
1H NMR provides a direct fingerprint of the system status,
represented by spectra containing complex metabolic infor-
mation that can be simplified and explored by chemometric
tools. In fact, these spectral data derive from the entire metab-
olome in biofluids and are extremely complex for the presence
of hundreds of low-molecular-weight compounds. For this
reason, multivariate analysis is an integrated part of the tech-
nique, due to its ability to provide interpretable models for
complex intercorrelated data [10]. The use of multivariate

statistical techniques such as principal components analysis
(PCA), partial least squares (PLS), and multidimensional scal-
ing (MDS) is of great importance, as these are very effective in
deciphering what is going on in the studied system [11].
Figure 1 displays the schematic experimental procedure of a
typical metabolomic study.

A recent overview of clinical application of metabolomics
presented consolidated results in type 2 diabetes and cancer, as
well as in emerging areas including the functional properties
of the gut microbiome and the mapping of metabolic pheno-
types during surgery [12].

In the present review, we summarize the studies in which
metabolomics was used in some allergic (asthma, atopic der-
matitis) and rheumatic diseases (rheumatoid arthritis, systemic
lupus erythematosus), to explore the feasibility of this tech-
nique as a novel diagnostic tool in these complex disorders. In
Table 1, we provide the list of the main disease states for
which metabolomics has shown promise, while the results of

Fig. 1 The schematic experimental procedure of a typical metabolomic study. NMR nuclear magnetic resonance;MSmass spectroscopy; PCA principal
component analysis; PLS-DA partial least square discriminant analysis

Table 1 Main disease states for which metabolomics has shown promise

Disease Aspect impacted by metabolomics

Rheumatoid arthritis Potential for discriminating patients with different
disease activity and predicting the response to a
particular treatment; association with risk of
cardiovascular disease

Spondyloarthritis Potential for early diagnosis and differential
diagnosis (RA vs PsA)

Systemic lupus
erythematosus

Potential for differential diagnosis (especially vs
RA)

Osteoarthritis Potential for discriminating patients with different
degrees of disease

Asthma Potential for differential diagnosis (especially vs
viral infections) and discriminating patients
with different degrees of disease

Atopic dermatitis Potential for early diagnosis

Cancer Potential for defining diagnosis and prognosis

Cardiovascular
diseases

Potential for predicting cardiovascular events; may
discriminate between different degrees of
stenosis in coronary artery disease

Type 2 diabetes Potential for predicting the risk of the disease and
defining diagnosis

Ocular inflammatory
diseases

Potential for diagnosis

Inflammatory bowel
disease

Potential for early diagnosis and targeted treatment

RA rheumatoid arthritis, PsA psoriatic arthritis
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sensitive analysis identifying specific altered metabolic path-
ways in metabolomic studies in patients with allergic and
rheumatic diseases are provided in Table 2.

Metabolomics in Allergic Diseases

Asthma

Asthma is a serious health and socioeconomic issue all over
the world, affecting over 300 million people worldwide, with
an estimated additional 100 million patients by the year 2025
[13]. It is emerging as the most common chronic disease in
children and is characterized by airway hyperresponsiveness,
obstruction, mucus hyperproduction, and airway wall remod-
eling [14]. Yet, the diagnosis may be challenging, considering
that there are many diseases that mimic asthma. Also, the
traditional diagnostic tools are expensive, invasive, and insen-
sitive to small changes in inflammatory status of both physi-
ological (spirometry, peak flow measures) and functional tests
(symptoms, quality of life) [15]. Furthermore, while the re-
cruitment of eosinophils in the mucosa of asthmatics is com-
mon, a portion of them has a prevalent neutrophilic infiltra-
tion, which sustains the recent awareness that asthma is a
heterogeneous disease. This may affect therapy, since inhaled
corticosteroids act mainly on eosinophils in the lungs [16].
Given these challenges, in the last years, there has been a
constant drive to identify key metabolites useful for diagnosis,
monitoring, and treatment of asthma, and early studies on
metabolomics opened encouraging perspectives for patients
[17–20]. Furthermore, since objective measurements of air-
way inflammation produced superior therapeutic results com-
pared with traditional measures alone [21, 22], metabolomics
continues to be investigated also with the aim of improving
the outcome of patients. Preliminary studies focused on iden-
tifying diagnostic biomarkers in the urine or breath and indeed
were able to discriminate subjects with asthma from healthy
populations [17–20]. The earliest of these studies was carried
out in exhaled breath condensate (EBC), a noninvasive and
easy to perform technique, by means of 1H NMR spectrosco-
py [17]. EBC is obtained by cooling exhaled air, and it
contains several biocompounds that are believed to reflect
airway lining fluid composition [22]. However, since EBC
analysis enables only the detection of known metabolites, in
this study, metabolomics was used to integrate EBC and
allowed the prediction of unknown metabolites and novel
biomarkers, providing insight into disease mechanisms.
Twenty-five children with controlled allergic asthma and 11
age-matched healthy controls were studied, showing that
NMR-based metabolomic analysis could be effectively com-
bined with EBC to characterize asthmatic children. In partic-
ular, within the NMR spectrum, some profiles indicative of
acetylated and oxidized compounds that significantly

distinguished children with asthma from healthy children
were identified, paving the way for the study of newmetabolic
pathways possibly implicated in asthma pathophysiology
[17]. The same authors lately applied metabolomics in EBC
to study asthmatic children with different degrees of disease
severity, finding that metabolomic profiling enabled a clear
separation between children with nonsevere asthma, children
with severe asthma, and healthy children. Furthermore, severe
asthma phenotype could be fully discriminated, suggesting
that this approach may be used to develop new targeted
therapies [23••]. Recently, 1H NMR spectroscopy was found
to discriminate the EBC metabolic profile of a relatively large
adult cohort of patients with asthma from healthy controls
[24]. However, since different equipments were used, it was
not possible to reproduce the results obtained in children.

Most studies were carried out in urine, based on the idea
that the effect of airway inflammatory cells on the airways
would produce in the body a unique pattern of metabolites
cleared by urine excretion. Urine is considered one of the most
informative, accessible, and stable body fluids, due to nonin-
vasive collection, low protein and cellular levels, and richness
in metabolites. Hence, urine seems to be an ideal biofluid for
NMR-based metabolomic investigations. Two of these studies
were performed by the same Canadian group, one in murine
models and the second in humans [18, 19]. In the former,
guinea pigs were considered as a reliable model of asthma
[18]: indeed, these animals have an airway physiology similar
to that of humans [25] and present allergic airway dysfunction
which in part reflects what occurs during a human asthma
exacerbation [26]. In particular, five groups of guinea pigs
were considered: control, control treated with dexamethasone,
sensitized (ovalbumin, administered intraperitoneally), sensi-
tized and challenged (ovalbumin, administered intraperitone-
ally, plus ovalbumin aerosol), and sensitized challenged with
dexamethasone. Using a library of known urine metabolites,
the concentrations of 50 metabolites were measured in the
urine of all animals bymultivariate statistical analysis of NMR
spectra, and each group was compared by PLS-DA to dis-
criminate the subtypes of animals. Challenged guinea pigs
developed airway hyperreactivity (AHR) and increased in-
flammation compared with sensitized or control animals. 1H
NMR spectroscopic analysis of urine could differentiate ani-
mals with or without airway inflammation and AHR by a
combination of more than one metabolite, with linear discrim-
inant analysis (LDA)-based classification demonstrating 80–
90 % separation of the animal groups [18]. These promising
results led to investigate the performance of 1H NMR analysis
in human urine samples [19]. To this purpose, a total of 135
children aged 4–16 years were enrolled, divided into three
groups according to their clinical status (stable asthma, unsta-
ble asthma, and healthy controls). This study provided evi-
dence that the analysis of excreted urine metabolites measured
by 1H NMR can be used to differentiate stable asthma from
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healthy controls and patients with asthma undergoing disease
exacerbation, suggesting that metabolomics has the potential
to be a useful clinical tool for physicians treating asthma [19].
Finally, in an Italian study, urine samples from 41 asthmatic
children and 12 healthy controls were profiled by LC-MS
using two models: in the first, asthmatics were compared with
healthy controls, while in the second, patients taking control-
ler drugs (mainly corticosteroids) were compared with those
who did not [20]. Both models proved to be very efficient.
Interestingly, the discrimination of the asthmatics proved to be
uncorrelated with possible metabolic effects due to the chronic
assumption of controller drugs. Within the dataset of the first
model, the most significant difference between asthmatics and
healthy controls was given by a significantly reduced concen-
tration of urocanic acid, an intermediate in the catabolism of
histidine, in patients’ urines. Since this compound is known to
be an immune suppressor [27], it was hypothesized that this
occurrence can have a negative influence on the resolution of
the inflammation process in asthma [20]. Overall, these stud-
ies highlight the possible role of urine as a target for
metabolomic studies on pulmonary diseases, even if this
biofluid is generally considered a suitable target only for
systemic disorders or with a direct involvement of the secre-
tory apparatus.

In a very recent study, metabolic changes were directly
investigated in the bronchoalveolar lavage fluid (BALF) from
murine models with ovalbumin-induced asthma by using an
integrated approach combining LC and GC MS. This tech-
nology enabled discrimination of diseased animals from
healthy control animals, demonstrating substantial alterations
in energy, lipid, and sterol metabolism, possibly related to an
increased respiratory burden in supplying energy to recruited
inflammatory cells and reversible upon treatment with dexa-
methasone [28].

Finally, another application of 1H NMRmetabolomics was
reported in sera from adult patients with asthma: again, clear
distinct profiles between patients and healthy subjects were
found, and the levels of serum metabolites from patients
correlated with disease severity [29•].

In summary, all of these studies show promising results for
metabolomics as a novel diagnostic tool for asthma irrespec-
tive of the biological specimen used.

Atopic Dermatitis

Atopic dermatitis (AD) is an inflammatory disorder of the skin
representing a major health impact in pediatrics. Indeed, it is a
common condition and frequently presents with comorbidities
including allergic rhinitis, asthma, and immunoglobulin E-
mediated food reactions [30]. The pathogenesis has not been
clearly defined, probably due to a high degree of genetic
background and pathophysiological heterogeneity, mirrored
by the high variability of clinical phenotype severity [31]. ThisT
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requires tailored prevention and treatment to optimize the
management strategies [31], and therefore, the need for one
or more specific biomarkers is a compelling issue [32]. Meta-
bolomics has been investigated as a potential diagnostic tool
in AD in a single explorative study to date, in which this
analysis was used to explore metabolite-level changes in 20
children aged 6–10 months [33]. The approach consisted of a
noninvasive analysis of urine samples by 1H NMR spectros-
copy, an ideal method when children are involved. The cal-
culation of combined standardized loadings from both the
PCA and canonical analysis (CA) transformations was used
to analyze the contribution of the original variables in dis-
criminating the children with AD and 12 age-matched chil-
dren without any clinical manifestation of AD or other known
acute or chronic disease [33]. In this study, the application of
the unsupervised pattern recognition approach PCA did not
allow to identify metabolic features associated with the dis-
ease. Conversely, by applying the supervised approach CA, an
overt separation was obtained. In particular, the overall anal-
ysis demonstrated increased levels of creatinine, creatine,
citrate, formate, 2-hydroxybutyrate, dimethylglycine, and lac-
tate in AD urine samples, as well as decreased levels of
betaine, glycine, and alanine. These altered metabolic contents
may be an indirect consequence of the main pathogenic mo-
lecular mechanism underlying the disease. However, the au-
thors recognized that the insufficient level of understanding of
AD biochemistry should represent a warning for an unequiv-
ocal interpretation of these data, also considering that the
genetically heterogeneous nature of the disease may result in
different metabolic phenotypes [33].

Therefore, further investigation is needed to ascertain the
feasibility of metabolomic analysis to provide new perspec-
tives for the characterization of different clinical phenotypes,
early differential diagnosis, and targeted treatment of AD.

Metabolomics in Rheumatic Diseases

Rheumatoid Arthritis

Rheumatoid arthritis (RA) is an autoimmune disease affecting
about 1 % of the population and characterized by systemic
inflammation and synovitis in the diarthrodial joints potential-
ly leading to joint destruction [34]. In recent years, two main
concerns have gained special attention, both addressing the
purpose to ameliorate the outcome of patients: the need to
diagnose the disease as early as possible [35] and the capabil-
ity to predict the response to therapy [36]. This is supported by
data demonstrating that an appropriate early therapeutic inter-
vention dramatically improves the prognosis of RA [37]. In
addition, markers for prediction of response to therapy would
be helpful to further the success of the treatment approach
[38]. The analysis of metabolic profiling seems to be

promising for RA in regard to all of these aspects both in
murine models and humans. In the only study performed in a
murine model, a metabolite analysis by 1H NMR spectrosco-
py was used which permitted to identify, among 59 serum
metabolites, a significant upregulation of uracil and a signif-
icant downregulation of xanthine and glycine [39]. Interest-
ingly, these three metabolites could discriminate arthritic from
control animals and may therefore be considered as potential
candidate biomarkers for diagnosis. In patients with RA,
metabolomic analysis has been producing relevant clues. In
an early study, an important cause of cardiovascular disease in
RAwas identified in the elevated plasma lipoprotein (a) levels
observed in 93 patients relative to healthy controls despite
decreased levels of cholesterol, triglycerides, and high-density
lipoprotein cholesterol [40]. The lipid profile in RA patients
was also studied in the synovial fluid by a capillary LC-MS/
MS screening platform, allowing the demonstration of high
amounts of 5S,12S-diHETE, an isomer of pro-resolving me-
diator LTB4 with anti-inflammatory properties [41]. Another
recent report focused on traditional Chinese medicine (TCM)
to investigate metabolites in urine and plasma samples in RA
subtypes as defined by symptom profiles. Indeed, according to
TCM,RA patients may suffer from either cold RA or heat RA,
each characterized by specific symptoms in addition to the
upregulation of apoptosis resistance genes in the former and
the upregulation of apoptosis-related genes in the latter [42].
Interestingly, significant biochemical differences were found
between cold and heat RA both in urine and plasma [42].
These data were confirmed in other studies, in which higher
anti-citrullinated protein/peptide antibody levels in the RA
heat subtype were also observed [43, 44]. As described in
patients with asthma, metabolomic analysis seems to be useful
also in discriminating patients with different disease activity.
Indeed, comparison of patients with active RA and those in
remission provided different baseline metabolic profiles, sug-
gesting that efficacious treatment may affect biological chang-
es [45]. The capability of metabolomics to measure the in-
flammatory extent of RA has been confirmed in a more recent
study, in which patients with established disease not yet treat-
ed with disease-modifying anti-rheumatic drugs were com-
pared with healthy controls and patients with undifferentiated
arthritis of ≤3-month duration [46]. The analysis was carried
out in serum samples by 1H NMR spectroscopy and showed a
significantly different metabolic fingerprint in patients with
active established RAwith respect to that of healthy controls
as well as different serum metabolic fingerprint in patients
with early arthritis depending on the level of inflammation as
measured by serum C-reactive protein level [46].

Moreover, evidence exists that metabolic changes may
predict the response to treatment, including traditional immu-
nosuppressants, such as methotrexate (MTX) [47••], and bio-
logical agents [48••]. In the first study, the 1H NMR-based
metabolomic approach was applied to 38 patients with early
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active RA: after 24 weeks, patients responding to MTX taken
as monotherapy showed statistically significant elevated uric
acid, taurine, methionine, glycine, histidine, and hypoxanthine
serum levels coupled with statistically significant decreased
uracil, TMAO, α-oxoglutarate, aspartate, and tryptophan se-
rum levels with respect to patients for whom MTX was not
effective [47]. The only study currently published in patients
treated with biological agents suggests that metabolomic pro-
file may be a potential predictor of responses also to TNF
antagonists [48]. This study, evaluating patients with RA and
psoriatic arthritis (PsA) by 1H NMR spectroscopy, showed
several interesting findings: first of all, there were clear differ-
ences in the metabolic profiles of baseline urine samples of
patients with RA who responded well to anti-TNF therapy
(etanercept or infliximab) at 12 months compared with those
who did not. Several metabolites contributed to this differ-
ence; in particular histamine, glutamine, xanthurenic acid, and
ethanolamine were identified by all three analytic methods
performed (PLS-DA, GALGO, and PLS regression models).
There was also a correlation between baseline metabolic pro-
files and the magnitude of change in the disease activity from
baseline to 12 months in RA patients. Interestingly, within the
responders, the same metabolites were altered in the urine
samples from patients with RA and PsA. This observation
may support the hypothesis that chronic inflammatory dis-
eases respond by a common mechanism to TNF antagonists
[48].

Finally, metabolomics has been tested in its capability to
differentiate RA from other diseases, including PsA and oste-
oarthritis (OA). Patients with RA or PsA with predominant
peripheral arthritis could be distinguished with a sensitivity of
90 % and a specificity of 94 % using both GC-MS and LG-
MS. Surprisingly, the analysis of the results indicated larger
differences between the RA and PsA patients than between the
RA patients and healthy controls [49]. Likewise, an early
study demonstrated that comparison of RA and OA patient
metabolite profiles from knee synovial fluid samples allowed
for clear distinction between the two diseases when evaluated
by 1H NMR [50]. These results were not confirmed in a more
recent study, albeit the low number of included individuals,
especially for RA, could have affected the results [51].

Systemic Lupus Erythematosus

Systemic lupus erythematosus (SLE) is a chronic, autoim-
mune, and often systemic disorder of the connective tissue
characterized by involvement of the skin, joints, kidneys,
nervous system, and serosal membranes [52]. Until now,
accumulated evidence suggests that the metabolite profiling
is altered in patients with SLE and may be associated with
disease activity. In one study, metabolic profile was evaluated
in serum from SLE patients in comparison with healthy con-
trols and RA patients using the 1H NMR spectroscopy-based

approach. Peak intensities differentiated the three groups,
even if SLE and RA patients shared some features, including
decreased citrate, pyruvate, phosphocholine, and amino acid
levels [53]. Relevant data emerged when metabolomic analy-
sis was applied in SLE patients with kidney and brain involve-
ment, representing potentially challenging complications of
the disease due to the severity of clinical manifestations. Two
urinary metabolites, taurine and citrate, were found to accu-
rately distinguish between proliferative lupus nephritis (class
III/IV) and pure membranous lupus nephritis (class V) pa-
tients. Moreover, urinary hippurate levels accurately distin-
guished between class V patients, who had normal levels of
urinary hippurate, compared with focal segmental
glomerulosclerosis patients, who completely lacked urinary
hippurate [54]. Interestingly, since previous studies suggested
that taurine and citrate are both measures of tubular cell
function, it is conceivable that kidney disease can impair the
filtration of small metabolites such as taurine and citrate
through the glomerulus and their subsequent reabsorption in
the renal tubules leading to alterations in metabolic profiles
[55]. Metabolites in SLE patients have also been studied in 12
patients with psychiatric symptoms, showing significantly
decreased regional cerebral metabolic rates for glucose in the
prefrontal, inferior parietal, and anterior cingulate regions
compared to patients without psychiatric manifestations [56].
These results are interesting in view that the brain is dependent
exclusively on glucose as its sole source of energy. Therefore,
in-depth investigations were carried out in mice with lupus to
determine the rates of incorporation of glucose into amino
acids and lactate via cell-specific pathways [57]. By using 1H
and 13C NMR spectroscopy, it was found that the MRL/lpr
mice had a significant increase in total brain glutamine, glu-
tamate, and lactate concentrations, as compared with control
mice. Furthermore, a significant increase in total brain water
content was observed, indicative of possible edema [57].
These results support a role for lactate in the neurological
disturbances of patients with SLE: indeed, severe lactic aci-
dosis can result in complete infarction of the tissue, and given
its vasodilating effect on cerebral vessels, even at neutral pH
levels, it may contribute to changes in cerebral blood flow
[58]. More recently, LC/MS and GC/MS platforms were
applied to detect serum metabolites of 20 SLE patients and 9
healthy controls. This study revealed that medium chain fatty
acids, lipid peroxidation products (9-HODE, 13-HODE, and
MDA), several γ-glutamyl peptides, and two eicosanoid me-
tabolites in the n6-polyunsaturated fatty acids (PUFA) path-
way, leukotriene B4 and 5-HETE, were increased in SLE
patients [59]. By contrast, glycerol-3 phosphate, pyruvate,
lactate, malate, citrate, α-ketoglutarate, 1,2 propanediol,
3-hydroxybutyrate, ketogenic and glucogenic amino acids,
all long-chain FA and acyl-carnitines, PUFA (both n3-
PUFA and n6-PUFA), methionine, cysteine, choline, and
phosphocholines were all decreased compared with healthy
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controls. These findings were validated using an independent
platform and cohort of 38 SLE patients [59]. Finally, in a SLE
mouse model, specific disorders in the metabolic pathway of
unsaturated fatty acids (UFAs), tryptophan, and phospholipid
were observed. The therapeutic effects of Jieduquyuziyin, a
traditional Chinese medicine, were also evaluated, which
showed a good effect on SLE repairing the UFA and phos-
pholipid metabolism [60].

Conclusions

As complex interactions between genetic, epigenetic, and
environmental factors are at the basis of allergic and rheumatic
diseases, new systemic approaches, including metabolomics,
are required for a better understanding of the pathogenesis,
diagnosis, and treatment of these conditions.

The above-mentioned studies on allergic and rheumatic
diseases show that the use of metabolomic approaches can
be very useful to further the understanding of systemic dis-
eases, allowing for the detection of the landscape characteriz-
ing the state of a single patient.

Metabolomics of breath condensate, synovial fluid, urine,
serum, and plasma has demonstrated the capabilities of dif-
ferentiating patients with allergic or rheumatic diseases from
healthy subjects and characterizing several biochemical phe-
notypes in patients with these inflammatory disorders.

Changes in metabolite concentrations may also reflect dis-
ease progression; furthermore, some studies suggest that the
metabolic fingerprint prior to therapymay predict responses to
drugs such as MTX and anti-TNF agents in patients with RA.
Moreover, global metabolic profiles can provide new insights
into the complex pathophysiology of allergic and rheumatic
diseases.

Overall, these studies suggest that metabolomics could be a
powerful tool for discovering novel diagnostic biomarkers and
developing strategies for disease monitoring and treatment
evaluation.

However, the preliminary findings obtained in these studies
need to be validated with further works, including larger
sample sizes and multicenter trials more representative of the
patient populations.

In the near future, downstream of the metabolomic analy-
sis, set of biomarkers potentially specific to a particular state
will be monitored by point-of-care tests (POCT) to detect the
position on the patient maps: a sort of “metabolomic naviga-
tor” to localize the patient on the interconnected networks of
disease states, allowing for a dynamic vision about grading of
a pathology.

This kind of analytical devices, integrated to digital net-
working connecting patients, doctors, and databases, are cru-
cial to translate systems biology approach into the proactive

P4 medicine that will be predictive, preventive, personalized,
and participatory.
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